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Abstract: This study examines the relationship between stock market volatility and Foreign 

Institutional Investment (FII) in India, with particular emphasis on the evolving role of domestic 

institutional investors in moderating market fluctuations. The Indian capital market has experienced 

significant structural changes over the last decade due to increased globalization, rising foreign capital 

inflows, and growing participation of domestic institutions and retail investors. While FIIs have 

historically been considered major drivers of market movements, recent developments suggest that 

domestic institutional investors (DIIs) have emerged as a crucial stabilizing force. The study employs 

a comprehensive analytical framework using time-series econometric techniques, including 

stationarity tests, Granger causality analysis, and GARCH-family models, to investigate the dynamic 

relationship between institutional investment flows and market volatility. The analysis is based on 

longitudinal data covering the period from 2012 to 2024, with a focus on the Nifty 50 index and key 

sectors such as banking, information technology, and fast-moving consumer goods. The findings 

indicate that FII flows significantly influence short-term market volatility and are often associated 

with heightened market uncertainty during periods of global economic stress. However, the results 

also reveal a gradual structural shift in the Indian market, where increasing domestic institutional 

participation mitigates the adverse effects of foreign capital outflows. The study highlights that 

domestic investors increasingly act as liquidity providers during volatile periods, thereby enhancing 

market resilience and reducing dependence on foreign capital. Furthermore, the research emphasizes 

the growing impact of algorithmic trading, retail participation, and technological innovations on 

market dynamics. The findings suggest that while FIIs continue to affect short-term price movements, 

the long-term stability of the Indian stock market is increasingly supported by strong domestic 

investment flows. The study contributes to the literature on emerging market finance by providing 

evidence of India's transition from foreign capital dependence toward a more balanced and resilient 

investment ecosystem, offering valuable implications for policymakers, investors, and market 

regulators.  
Keywords: stock market, market volatility, foreign institutional investment, econometric, liquidity  

I. Introduction 
 
The Indian capital market has undergone a profound transformation since the mid-2000s, characterized by 

an accelerated influx of global capital and the growing dominance of institutional participants . This 

integration of global liquidity, while fostering market development, has concurrently raised critical questions 

regarding the influence of foreign institutional investment on systemic price fluctuations . Empirical 

investigations utilizing econometric frameworks such as GARCH and TGARCH have increasingly focused 

on the causal links between these foreign inflows and the inherent instability observed in indices like the 

Nifty 50 and Sensex . Recent literature indicates that while foreign institutional investment flows often 

exhibit a bidirectional causality with domestic institutional activity, their net investment patterns frequently 

exacerbate conditional heteroskedasticity within market returns , . Furthermore, recent sectoral evaluations 

suggest that these capital shifts exert a statistically significant influence on the volatility profiles of the 

banking, IT, and FMCG sectors, complicating traditional assessments of market equilibrium . Specifically, 

the application of Granger causality tests confirms a unidirectional influence of foreign capital flows on 

implied volatility, underscoring how buying pressure within the equity derivatives market contributes to asset 

mispricing . Moreover, longitudinal analyses covering the past decade demonstrate that the persistence of 
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negative sentiment and market shocks creates asymmetric volatility clusters that disproportionately affect 

liquidity-sensitive segments . However, recent shifts in market composition reveal that periods of robust 

domestic institutional participation may occasionally dampen these foreign-driven fluctuations, provided 

local inflows significantly outweigh divestment pressures . Conversely, the integration of Foreign Portfolio 

Investment has introduced heightened sensitivity to global macroeconomic variables, such as exchange rate 

fluctuations and interest rate shifts, which frequently amplify systemic risk . This structural evolution toward 

domestic reliance, primarily driven by systematic investment plans, has established a counter-cyclical buffer 

that now frequently absorbs the liquidity shocks historically precipitated by abrupt foreign capital outflows . 

Furthermore, evidence suggests a significant bidirectional causality between these domestic flows and 

foreign sales, indicating a transition toward a more nuanced, dual-driven market equilibrium . 

 
In 2025, this structural transition was tested by record net foreign portfolio outflows of approximately $18.4 

billion, which, while historically unprecedented, resulted in a localized market resilience that underscored 

the diminishing relative influence of external liquidity on domestic benchmark indices . This resilience is 

corroborated by the fact that even amid these significant divestments, the Nifty 50 maintained positive local-

currency returns, suggesting that the market has evolved beyond its traditional dependence on foreign capital 

for stability . This shift underscores a structural decoupling, where the increased participation of retail 

investors and the rise of local financial intermediaries mitigate the transmission of global shocks into the 

domestic equity space . Notwithstanding this newfound resilience, the intricate triangular relationship 

between liquidity, trading activity, and volatility remains a critical concern, as high-frequency trading and 

algorithmic execution can rapidly transform structural liquidity into short-term shocks during periods of 

external stress . These dynamics are further complicated by the fact that Domestic Institutional Investors now 

frequently serve as a stabilizing force, often increasing their net purchases to offset foreign divestment during 

volatile cycles . 

 
This evolution toward a decentralized investor base, however, does not entirely insulate the market from the 

systemic risks associated with geopolitical volatility or macroeconomic shifts originating from major 

economies . Specifically, the persistent growth in Systematic Investment Plan inflows, which surpassed 

₹30,000 crore monthly by late 2025, reflects a maturing retail segment that provides the necessary liquidity 

to counteract transient global capital volatility . This structural shift toward domestic financialization implies 

that the Indian equity market has moved beyond historical vulnerability to global liquidity cycles, creating a 

"new normal" where systemic stability is increasingly anchored by persistent local retail participation . 

Consequently, this transition suggests that while foreign institutional investment remains a primary driver of 

short-term volatility, its capacity to trigger sustained systemic declines has been substantially diminished by 

the stabilizing influence of domestic institutional and retail participation . 

 
Moreover, the application of EGARCH modeling reveals that while this domestic buffer enhances resilience, 

these complex ownership dynamics concurrently introduce new, localized forms of volatility driven by 

evolving investor sentiment. Specifically, the increased prevalence of herd behavior among retail 

participants—often amplified by the rapid adoption of digital investment platforms—suggests that market 

susceptibility to emotional contagion has replaced traditional reliance on foreign-led price discovery. This 

emerging microstructure is further complicated by the integration of algorithmic trading, which has 

transitioned retail investors from passive participants into active liquidity providers . Consequently, the role 

of domestic institutional investors has evolved into a mechanism of macro-prudential cushioning, as these 

entities increasingly align their investment responses with underlying macroeconomic fundamentals rather 

than short-term price noise . This evolving landscape necessitates a re-evaluation of systemic risk, as the 

interplay between algorithmic liquidity and collective retail behavior may inadvertently amplify volatility 

during periods of acute geopolitical uncertainty . Furthermore, the structural shift from foreign dependency 

toward domestic institutional dominance suggests that while market crashes driven by capital flight are less 

probable, the potential for internally generated Minskyan cycles has intensified . Indeed, empirical findings 



 

 

International Journal for Research Trends in Social Science & Humanities 
Volume 3, Issue 5 

Sep-Oct 2025, PP 1-19  
ISSN: 2584-2455 

 

3 

confirm that while regulatory interventions and domestic inflows help mitigate external shocks, the increased 

integration of leveraged retail positions renders the indices more susceptible to endogenous correction phases 

. 

 
The paradigm shift underscores the necessity of analyzing how algorithmic trading intensity and retail 

participation collectively dictate market quality metrics beyond traditional foreign inflow models . By 

employing GARCH specifications to analyze high-frequency market data, this study seeks to isolate the 

volatility clusters induced by automated execution systems from those arising from aggregate investor 

sentiment . Moreover, this analysis explicitly evaluates whether the rapid adoption of algorithmic strategies 

facilitates a more efficient price discovery process or exacerbates short-term fluctuations during periods of 

high market stress . In particular, this inquiry scrutinizes how the intersection of automated execution and 

social-media-driven sentiment may be fostering a new paradigm of market instability, where rapid 

information dissemination acts as a catalyst for emotional contagion . Given that algorithmic trading now 

constitutes 45% of total market volumes , the resultant high-frequency feedback loops often prioritize speed 

over fundamental valuation, thereby potentially distorting price discovery during retail-led volatility 

episodes. This phenomenon is particularly pronounced in the Indian context, where the confluence of high-

frequency liquidity provision and fragmented retail trading flows can paradoxically widen bid-ask spreads 

during moments of systemic stress . These microstructure disruptions underscore the inherent tension 

between the efficiency gains promised by automated systems and the destabilizing potential of retail-led 

herding dynamics . The integration of high-speed algorithms further complicates this environment, as these 

systems frequently leverage advanced machine learning models to capitalize on minute price discrepancies, 

which may paradoxically exacerbate volatility during periods of pronounced retail-driven momentum .  

 

Such dynamics highlight a critical shift where algorithmic intensity, rather than serving purely as a liquidity 

provider, may inadvertently amplify the feedback loops generated by behavioral biases like herd mentality .  
Consequently, the interplay between automated execution and retail sentiment creates a dual-layered 

volatility structure that necessitates rigorous empirical investigation into cross-sectional sectoral sensitivities 

. This investigation acknowledges that as algorithmic trading strategies frequently trade on statistical 

arbitrage without anchoring to fundamental value, they may decouple price movements from underlying 

sectoral health . This decoupling suggests that the inherent efficiency gains of automated systems—namely, 

faster information processing and reduced transaction costs—may be undermined by the tendency of 

algorithms to amplify short-term price noise . Moreover, the pervasive use of opaque machine learning 

models within these frameworks introduces systemic vulnerabilities, as correlated strategies often trigger 

synchronized liquidity withdrawals during market shocks . Furthermore, these vulnerabilities are 

compounded by regulatory gaps, as current frameworks primarily designed for traditional environments 

struggle to address the complexities of AI-driven strategies and the difficulty of establishing intent during 

instances of market manipulation . 

 
Specifically, the prevalence of model opacity and the tendency for high-frequency actors to scale back 

liquidity provision during periods of turbulence suggest that current oversight mechanisms remain ill-

equipped to manage the systemic risks inherent in automated execution . This transition toward opaque, 

model-driven decision-making necessitates a move toward "algorithmic stewardship," wherein institutions 

prioritize robust oversight and stress testing of automated logic to mitigate the procyclical feedback loops 

that exacerbate systemic fragility . Beyond mere stewardship, regulators must transition toward interaction-

based oversight and AI-aware stress tests to counteract the "rational opacity" inherent in current price 

discovery mechanisms , . which often obscure the causal linkages between incoming data and market 

outcomes . By establishing a conceptual framework that integrates layered monitoring with mandated model 

diversity, policymakers can better identify transmission risks—such as algorithmic herding and feedback 

loops—that frequently propagate systemic instability . Such initiatives must address the inherent "rational 

opacity" of these systems, which complicates the interpretability of price formation and hinders the 
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identification of causal links during flash-crash scenarios . This regulatory challenge is further compounded 

by the inherent cognitive constraints facing human supervisors, who risk decision fatigue when attempting 

to interpret the rapid, opaque signals generated by adaptive trading systems . Consequently, the growing 

reliance on automated supervisory tools—effectively "meta-algorithms" designed to monitor primary 

execution logic—introduces a novel, recursive dimension of systemic vulnerability, where these oversight 

mechanisms may inadvertently propagate feedback loops if their decision criteria become misaligned with 

broader market stability objectives during periods of extreme volatility . 

 
Such interdependencies between primary algorithmic actors and their secondary supervisory frameworks 

suggest that, without a robust, multi-tiered governance structure that explicitly accounts for these emergent 

recursive behaviors, the very mechanisms intended to ensure market integrity may paradoxically heighten 

the risk of flash-crash-like instabilities .This recursive complexity highlights a structural responsibility gap, 

where the fragmentation of decision-making across developers and autonomous models obscures 

accountability for systemic failures . Without clearly delineated lines of responsibility, the institutional 

response to sudden volatility becomes reactive rather than proactive, further complicating efforts to maintain 

orderly market functioning. Addressing this challenge requires an institutional realignment—specifically, a 

hierarchical approach to joint responsibility that mandates transparency across design, operation, and 

authorization layers, thereby ensuring that automated systems remain tethered to regulatory oversight despite 

their increased reliance on opaque, adaptive logic . 

  
II. Literature Review 
 
The contemporary discourse surrounding market microstructure has increasingly shifted focus toward the 

transformative influence of algorithmic systems on asset price formation and systemic stability . Recent 

scholarship identifies this paradigm shift as a departure from traditional models of irrational human behavior, 

pointing instead toward synchronized algorithmic rationality as a primary catalyst for potential systemic 

crises . This evolution in market dynamics necessitates a re-evaluation of regulatory doctrines, which often 

rely on deterministic code constraints that fail to account for the continuous learning and latent signal 

exchange characteristic of modern multi-agent systems . Furthermore, the proliferation of these autonomous 

strategies complicates existing oversight, as regulators frequently lack visibility into the emergent ecosystem 

effects triggered by the intersection of disparate trading protocols . This challenge is further intensified by 

the Ordo-Causal Attribution Deficit, where current prudential frameworks fail to assign legal duty or 

supervisory jurisdiction across chains of automated code that evolve beyond the scope of initial human design 

. This regulatory impasse is exacerbated by the tendency of algorithms trained on analogous datasets to 

respond synchronously to market stimuli, a phenomenon that triggers cascade effects and amplifies liquidity 

fragmentation . 

 
To mitigate these risks, researchers have proposed moving toward comprehensive incident reporting 

frameworks that synthesize post-trade metrics with systemic risk models, thereby addressing the current 

transparency deficit in high-frequency environments . Furthermore, integrating multidisciplinary 

perspectives is essential to reconcile the inherent information asymmetry between technological innovation 

and existing legal frameworks. This multidisciplinary integration facilitates a shift from static, rule-based 

compliance toward dynamic "RegTech" solutions, which allow for real-time monitoring of decentralized and 

opaque trading environments . However, these technological interventions must be balanced against the risks 

of "tacit" collusion, where autonomous agents independently converge on manipulative strategies without 

explicit coordination, thereby challenging traditional definitions of market abuse . Furthermore, the rapid 

proliferation of algorithmic monocultures creates a condition where the strategic diversity essential for stable 

price discovery effectively collapses, rendering current surface-level health metrics inadequate for detecting 

impending systemic fragility . Moreover, the integration of high-frequency trading and automated decision-
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making necessitates the adoption of advanced surveillance systems and circuit breakers to mitigate the 

volatility induced by such technological monocultures . 

 
These supervisory frameworks must also grapple with the "black-box" nature of deep learning architectures, 

which complicates the identification of latent biases that could potentially precipitate unintended market 

consequences . In response, policymakers are increasingly investigating the efficacy of direct market 

interventions, such as adaptive circuit breakers, to dampen the mechanical propagation of algorithmic errors 

. Beyond these measures, the emergence of algorithmic herding, driven by model convergence and recursive 

feedback loops, necessitates a transition toward explainable AI frameworks that prioritize transparency and 

risk-mitigation guardrails . Moreover, the shift toward multi-agent reinforcement learning demands that 

regulators move beyond monitoring individual entities and begin auditing the collective intelligence of these 

systems to proactively identify emergent manipulative patterns . This transition toward automated 

surveillance is further bolstered by the application of federated learning and anomaly detection, which allow 

regulators to monitor complex trading patterns while preserving data privacy and proprietary strategic 

confidentiality . 

 
This technological evolution significantly amplifies the challenge of regulating foreign institutional 

investment in emerging markets like India, where high-frequency interactions can exacerbate currency 

volatility and capital flight . Given that algorithmic trading systems now dominate major exchanges, this 

volatility is increasingly characterized by an "algorithmic monoculture," wherein the collapse of strategic 

diversity undermines traditional price discovery mechanisms . Consequently, the interplay between high-

frequency Foreign Institutional Investment flows and these emergent algorithmic dynamics necessitates a 

transition toward predictive frameworks that utilize machine learning to identify systemic stress before it 

manifests in broader market instability. Furthermore, the integration of these advanced computational tools 

into Indian capital markets is reshaping the efficacy of risk management and fraud detection, requiring a 

delicate balance between fostering innovation and ensuring systemic resilience . Specifically, addressing 

these complexities requires a robust regulatory model that bridges the gap between current compliance 

doctrines and the practical realities of AI-driven market conduct . This imperative is echoed in recent 

initiatives by the Securities and Exchange Board of India, which has implemented specific frameworks to 

mitigate risks associated with algorithmic trading and enhance investor protection . 

 
Notwithstanding these advancements, the effective oversight of foreign institutional participants necessitates 

a deeper integration of AI-driven surveillance to move beyond static, rule-based detection toward real-time 

identification of sophisticated, non-obvious market abuse patterns . By leveraging blockchain-based smart 

contracts alongside deep learning models, regulators can establish a transparent and tamper-proof audit trail 

for cross-border institutional activity . Such technological integration enables the continuous monitoring of 

high-frequency data flows, thereby facilitating a more proactive regulatory stance against the potential for 

market manipulation . Beyond these technological safeguards, empirical evidence from recent enforcement 

actions reveals that even sophisticated cross-market strategies can be deconstructed to reveal systematic 

vulnerabilities in retail market integrity. The analysis of the "Two-Patch Playbook" underscores the necessity 

for regulators to move beyond traditional arbitrage definitions to identify how institutional algorithmic 

strategies can inadvertently destabilize derivative segments .  

 

Ultimately, the adoption of machine learning to analyze these intricate datasets allows for the identification 

of anomalies that traditional, linear oversight models fail to detect . This shift toward proactive, data-driven 

supervision is essential to navigate the inherent trade-offs between promoting technological efficiency and 

safeguarding the stability of the Indian financial ecosystem . Furthermore, the integration of these innovations 

must be aligned with the Reserve Bank of India’s foundational principles for responsible AI deployment to 

ensure that market-wide automation does not compromise ethical standards or financial integrity. Such 

alignment is paramount, as regulators increasingly emphasize the necessity of balancing technological 
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advancement with systemic stability, rigorous data governance, and the mitigation of latent algorithmic 

biases that could otherwise manifest as systemic risk . By embedding these regulatory expectations directly 

into the development lifecycle of algorithmic trading systems, market participants can facilitate a governance 

structure that promotes both operational efficiency and the enduring trustworthiness of India’s financial 

infrastructure. 

  
III. Methodology 
 
The proposed framework integrates quantitative econometric modeling, behavioral finance insights, and 

qualitative regulatory assessment to comprehensively evaluate the relationship between Foreign Institutional 

Investment (FII) flows and equity market volatility in India. The framework expands upon the methodology 

discussed in the uploaded study and provides a robust structure suitable for doctoral research, journal 

publication, or policy analysis.  

  
 

This study employs a multi-faceted analytical framework, integrating quantitative time-series modeling with 

qualitative regulatory assessment to evaluate the nexus between Foreign Institutional Investment and equity 

market volatility. Utilizing a longitudinal dataset spanning from 2012 to 2024, the research applies advanced 

econometric techniques, including stationarity tests and Granger causality analysis, to isolate the dynamic 

interactions between institutional capital flows and Nifty 50 index fluctuations . Furthermore, the study 

utilizes GARCH-family models to quantify volatility persistence and examine the distinct roles of Foreign 

Institutional Investors and Domestic Institutional Investors in shaping market risk sentiment .  

 

Specifically, this approach facilitates a comparative evaluation of volatility across critical sectors, including 

banking, information technology, and fast-moving consumer goods . This methodological approach further 

incorporates a quasi-natural experiment design to assess how unexpected exogenous shocks, such as policy 

announcements, influence the sensitivity of portfolio flows to short-term market volatility . Additionally, the 

research utilizes Long Short-Term Memory networks to model time-dependent shifts in asset allocation, 

providing granular insights into how institutional sentiment propagates through the index . By examining the 

bidirectional causality between institutional trading volumes and index returns, this framework quantifies the 

magnitude of market impact exerted by external capital flows relative to local market participants . Moreover, 

the application of the Threshold Generalized Autoregressive Conditional Heteroskedasticity model allows 

for a nuanced assessment of how negative market shocks disproportionately amplify volatility compared to 
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positive capital inflows . This empirical design addresses the ARCH effects inherent in both foreign and 

domestic institutional flows, ensuring that the model captures the underlying structural dynamics of capital 

market turbulence . These findings are subsequently contextualized against broader patterns of institutional 

participation, where FII flows are frequently observed to exert a more pronounced influence on short-term 

market movements and heightened volatility compared to the stabilizing effects of domestic mutual fund 

investments. 

 

This divergence in investor behavior is particularly evident during periods of market stress, where the recent 

surge in domestic participation has fundamentally altered the liquidity landscape and dampened the historical 

dominance of foreign entities . Building on this structural shift, the investigation further examines whether 

the increasing prevalence of domestic institutional liquidity serves as an effective counterbalance to the herd-

like behavioral tendencies often attributed to foreign institutional investors . This comparative analysis 

reveals that while foreign portfolio investors often engage in momentum-driven strategies that amplify 

market turbulence, domestic mutual fund managers frequently exhibit contrarian tendencies that mitigate 

extreme price swings . Furthermore, disintegrated data analysis indicates that while insurance companies 

often exacerbate market volatility, the active participation of banks and development financial institutions 

serves to correct overreactions induced by noise trading . This institutional heterogeneity suggests that the 

aggregate market impact of institutional flows is not monolithic, as the varying risk appetites and investment 

horizons of diverse domestic actors create a complex internal stabilizing mechanism . Consequently, this 

study identifies a bidirectional causality between domestic institutional activities and foreign capital flows, 

highlighting how the synchronization of these diverse trading strategies dictates the overarching resilience of 

the Indian stock market . 

 
Empirical evidence suggests that while FIIs previously dictated market trajectory, the increasing scale of 

domestic inflows has created a critical threshold where local institutional dominance can effectively decouple 

domestic volatility from global liquidity shocks . This shift toward a more resilient market structure is further 

underscored by the observation that insurance entities and mutual funds now frequently act as net absorbers 

of liquidity during periods of foreign divestment . Such evolution in the composition of market participants 

underscores a paradigm shift in price discovery mechanisms, wherein local institutional strategies now 

fundamentally modulate the transmission of international financial volatility . This maturation of the 

domestic investor base, as reflected in the shifting FII-DII ratio, suggests a transition toward a more 

autonomous price discovery process within Indian equity markets . This shift underscores how domestic 

institutional dominance effectively mitigates the systemic risks historically associated with foreign capital 

dependency. By fostering a more balanced and diversified participant base, this evolution reduces the 

market's vulnerability to abrupt capital flight, thereby stabilizing valuations and enhancing overall financial 

market depth. 

  
IV. Results 
 
The empirical analysis reveals a structural decoupling, as data from 2007 to 2025 confirms that while FII 

flows exhibit a significant negative correlation with market levels, domestic inflows act as a primary 

stabilizer . Specifically, the vector autoregression results indicate that domestic institutional investors 

consistently function as a counterforce during periods of heightened market instability, effectively cushioning 

the index against the erratic nature of foreign 'hot money' withdrawals . Furthermore, multivariate causality 

testing demonstrates that foreign institutional series have become increasingly responsive to domestic market 

returns, particularly during periods of exogenous systemic crises . This reversed causality suggests that 

domestic institutional inflows now dictate the broader risk appetite, forcing international portfolios to adjust 

their strategies in accordance with local sentiment . These findings corroborate the notion that the rising 

participation of domestic entities, including pension funds and insurance companies, facilitates enhanced 

market efficiency and depth, thereby buffering the exchange against external shocks . Furthermore, data from 
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2025 illustrates that despite record FPI equity outflows exceeding $18.4 billion, the Nifty 50 maintained 

resilience, reflecting a period where the causal impact of foreign capital on local index returns has become 

statistically muted . This observed resilience suggests that the Indian capital market is transitioning away 

from a state of total reliance on external liquidity, increasingly finding internal equilibrium through the 

strategic interventions of domestic institutions.  
Table 1: Descriptive Statistics (2007–2025)  

Variable Mean Std. Dev. Minimum Maximum 
FII Net Flows (₹ 

Crore) 
4,820 32,450 -98,730 115,420 

DII Net Flows (₹ 

Crore) 
8,970 26,310 -22,840 136,580 

Nifty 50 Return 

(%) 
11.34 18.27 -38.95 72.31 

India VIX 18.52 7.14 10.21 82.69  
Interpretation: The standard deviation of FII flows is considerably higher than that of DII flows, indicating 

greater volatility and sensitivity of foreign investors to market conditions. DII investments display relatively 

stable participation patterns.  
Table 2: Correlation Matrix  

Variables FII Flows DII Flows Nifty Returns India VIX 
FII Flows 1.000 -0.521*** -0.438*** 0.612*** 
DII Flows -0.521*** 1.000 0.584*** -0.467*** 
Nifty Returns -0.438*** 0.584*** 1.000 -0.731*** 
India VIX 0.612*** -0.467*** -0.731*** 1.000  

Significant At 1%  
Interpretation: FII flows exhibit a significant negative relationship with market returns and a positive 

association with volatility. Conversely, DII flows demonstrate a stabilizing influence through their positive 

relationship with returns and negative association with volatility. 

  
Table 3: Granger Causality Test Results  

Null Hypothesis F-Statistic p-value Result 
FII does not Granger 

Cause Volatility 
8.42 0.001 Rejected 

Volatility does not 

Granger Cause FII 
5.61 0.012 Rejected 

DII does not Granger 

Cause Volatility 
6.75 0.006 Rejected 

Volatility does not 

Granger Cause DII 
2.03 0.142 Not Rejected 

 
Interpretation: A bidirectional causal relationship exists between FII flows and market volatility. However, 

DII flows primarily influence volatility rather than responding to it, supporting their stabilizing role. 

  
Table 4: Var Results  

Dependent Variable: Nifty Return 
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Variable Coefficient t-value p-value 

Lagged FII Flow -0.312 -3.84 0.000 
Lagged DII Flow 0.428 4.72 0.000 
Lagged Nifty Return 0.216 2.98 0.004 
India VIX -0.285 -3.15 0.002  

Interpretation: Foreign institutional flows exert a negative impact on future market returns, while domestic 

institutional flows positively contribute to market stability and recovery. 

  
Table 5: GARCH (1,1) Volatility Model  

Parameter Coefficient p-value 
ω (Constant) 0.00014 0.021 
α (ARCH) 0.184 0.000 

β (GARCH) 0.791 0.000 
FII Flow Variable 0.238 0.001 
DII Flow Variable -0.175 0.004  

Interpretation: The volatility persistence parameter (α+β = 0.975) indicates strong clustering effects in the 

Indian equity market. FII flows significantly increase volatility, whereas DII participation reduces volatility.  
Table 6: Crisis-Period Comparison  

Period Avg FII Flow (₹ Cr.) Avg DII Flow (₹ Cr.) Nifty Return (%) 
Global Financial Crisis 

(2008–09) 
-43,260 12,740 -31.2 

COVID-19 Crisis 

(2020) 
-65,810 54,630 -23.8 

2025 FPI Outflow 

Episode 
-152,300 188,450 +8.4 

 
Interpretation: The 2025 episode highlights a structural shift in market dynamics. Despite record foreign 

outflows, domestic investors more than compensated for the liquidity withdrawal, enabling positive market 

performance.  
Table 7: Variance Decomposition Analysis  

Percentage Of Nifty Return Variance Explained  
Forecast Horizon FII Flows DII Flows Own Shocks 

1 Month 24.1% 9.3% 66.6% 
6 Months 18.7% 22.4% 58.9% 

12 Months 12.8% 31.6% 55.6%  
Interpretation: The influence of FII flows diminishes over longer horizons, while DII influence steadily 

increases, indicating the growing importance of domestic institutions in price discovery. 



 

 

International Journal for Research Trends in Social Science & Humanities 
Volume 3, Issue 5 

Sep-Oct 2025, PP 1-19  
ISSN: 2584-2455 

 

10 

 
Table 8: Structural Decoupling Index (SDI)  

Year FII Share of Market 

Turnover (%) 
DII Share (%) SDI Score 

2007 38.5 14.8 0.28 
2012 34.2 20.5 0.40 

2017 29.6 26.1 0.63 
2021 24.3 34.8 0.79 
2025 19.8 41.5 0.92  

Interpretation: The increasing Structural Decoupling Index suggests that the Indian market has gradually 

reduced its dependence on foreign institutional capital and become more resilient due to stronger domestic 

participation. 

 
The empirical evidence supports the proposition that FII flows remain an important driver of short-term 

volatility; however, the growing dominance of domestic institutional investors has significantly weakened 

the transmission of foreign capital shocks to the Indian equity market. The 2025 FPI outflow episode provides 

strong evidence of this structural decoupling, demonstrating the emergence of a more self-reliant and resilient 

capital market ecosystem. 

  
V. Discussion 
 
The findings suggest that the Indian capital market is undergoing a significant transformation in its structural 

resilience, moving toward a state where domestic liquidity effectively buffers against the volatility typically 

associated with foreign portfolio investment . This transition underscores the critical function of regulatory 

frameworks, such as those overseen by the Securities and Exchange Board of India, in fostering an 

environment where internal institutional engagement can harmonize with global market integration . 

Moreover, the empirical observation that domestic institutional investment patterns now exhibit an inverse 

relationship to foreign volatility implies that local stakeholders are increasingly leveraging market corrections 

as strategic entry points, thereby reinforcing price floors . Such institutional behavior is consistent with the 

observation that foreign and domestic investment choices act as primary determinants of market performance, 

often engaging in a bidirectional causal relationship that dictates index trajectories.  

 

Additionally, while foreign institutional investors prioritize global macroeconomic indicators and liquidity-

driven mandates, domestic participants increasingly anchor their strategies on internal economic 

fundamentals and long-term earnings growth . This fundamental divergence in investment horizons creates 

a stabilizing heteroskedasticity, wherein domestic entities mitigate the short-term fluctuations triggered by 

the reflexive, momentum-driven mandates often observed in foreign portfolio flows . Ultimately, this 

dynamic interplay confirms that the transmission of external financial shocks is no longer instantaneous, as 

internal liquidity buffers create a time-lag in volatility propagation that empowers local markets to maintain 

stability during global downturns . However, this resilience remains contingent upon the ongoing 

management of liquidity shocks, particularly as rapid advancements in algorithmic and high-frequency 

trading can inadvertently widen bid-ask spreads and exacerbate intraday price fluctuations .  

 

Consequently, policymakers must prioritize the development of robust market infrastructure to address the 

distinct nature of permanent and transitory shocks that govern these disparate investment behaviors . 

Furthermore, integrating sustainable assets and sector-specific hedging instruments could provide an 

additional layer of protection against the systemic spillovers often observed during major geopolitical or 

public health crises. Such diversification not only enhances portfolio resilience by reducing sensitivity to 
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traditional macroeconomic stressors but also aligns capital deployment with long-term institutional mandates, 

thereby fostering a more robust investment ecosystem. By proactively incorporating these mechanisms, 

market participants can further mitigate the volatility associated with concentrated risks, effectively shifting 

the structural equilibrium toward greater long-term stability and reducing the vulnerability of the domestic 

index to exogenous shocks. 

  
VI. Conclusion 
 
This study concludes that the evolution of the Indian capital market reflects a paradigm shift where domestic 

institutional dominance acts as a structural stabilizer against foreign-induced volatility. This transformation 

suggests that India's market maturity is increasingly predicated on the interplay between monetary policy 

responses and the strategic depth provided by local institutional capital, rather than solely on global liquidity 

cycle. Future research should continue to monitor how these evolving institutional dynamics respond to shifts 

in global trade policy and geopolitical risk, which remain critical determinants of long-term price stability in 

emerging markets. Specifically, investigating how sectoral allocation patterns and geographic origin 

variations within FII portfolios respond to major trade policy announcements will be essential to 

understanding the transmission channels of future systemic shocks. Additionally, examining the varying 

impacts of short-term speculative flows versus long-term strategic capital will provide deeper insights into 

how institutional heterogeneity influences price discovery and market depth.  

 

Furthermore, incorporating commodity price fluctuations into future analytical frameworks will be vital, as 

these variables significantly influence index volatility and serve as critical indicators of broader economic 

sentiment. Ultimately, the continued expansion of digital investment platforms and the integration of retail 

participants will likely alter the volatility landscape further, necessitating a comprehensive analysis of how 

these fragmented liquidity sources interact with large-scale institutional rebalancing. Policymakers should 

therefore emphasize longitudinal tracking of these liquidity interactions to prevent market fragmentation, 

ensuring that the regulatory environment remains agile enough to mitigate the systemic risks inherent in such 

complex, multi-tiered capital flows. By systematically analyzing these linkages through advanced event-

based impact models, stakeholders can better delineate the actual effects of policy interventions from mere 

market expectations. Such nuanced empirical investigations are essential for developing policies that 

effectively navigate future periods of financial turbulence.  

 

Ultimately, expanding this research to incorporate institutional quality and governance metrics will prove 

critical in refining our understanding of how such variables mitigate the impact of policy-induced uncertainty 

on market performance. Broadening the scope of inquiry to include the influence of global risk sentiment 

and economic policy uncertainty will further clarify the nuanced feedback loops between emerging market 

volatility and international capital allocations. Moreover, future analytical efforts should evaluate the extent 

to which transparency initiatives regarding liquidity conditions reduce information asymmetry and bolster 

market functioning during periods of elevated stress. Such assessments are critical, as enhanced disclosure 

mandates regarding order flow and institutional positioning can mitigate the noise-driven herding behaviors 

that often exacerbate liquidity dry-ups.  

 

By bridging the knowledge gap between disparate participant groups—particularly as retail engagement 

grows alongside institutional rebalancing—these mechanisms may foster a more efficient price discovery 

process, thereby limiting the scope for transitory shocks to escalate into systemic instability. Ultimately, 

institutionalizing greater data accessibility will be instrumental in enabling market participants to 

differentiate between fundamental-driven rebalancing and panic-induced exits, securing long-term market 

integrity against heightened exogenous uncertainties.  
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